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The Need for Guidance 
The development and use of artificial intelligence (AI) have risen rapidly in recent years. Today, AI is a 
central focus in both national and global contexts, and the education sector is no exception. AI is 
increasingly being integrated into all aspects of the field of education, from federal policy directives to 
everyday classroom experiences, and even in education research, where AI-enabled approaches hold 
significant potential to advance and reshape the field.  

Education research has long sought to understand education systems, policies, and practices with the 
goal of improving outcomes for teachers and students. As in other fields of research, trust is 
foundational in education research. Established research methods and agreed-upon practices have 
evolved in part to ensure the credibility, rigor, and beneficence of education research. Over the last 
several decades, the quality of research and of methodological sophistication has improved 
substantially. At the same time, education researchers have made sustained, albeit imperfect and ever 
improving efforts to communicate findings in ways that are accessible and meaningful to policymakers 
and practitioners alike. 

Education research is at an inflection point. Recent advances in AI have the potential to accelerate 
progress in education research and advance the field more rapidly. AI tools can help address several 
long-standing challenges, including the speed at which analyses are conducted, particularly when 
working with large and complex data sets, as well as the cost and efficiency of research. In addition, AI 
offers new opportunities to improve the accessibility and usability of research findings for policymakers 
and practitioners. At the same time, the use of AI introduces potential risks to the established norms 
and standards that guide education research. For example, AI may challenge long-standing expectations 
around replicability, transparency, and responsible data use. Further, AI models may generate 
inaccurate or misleading outputs that could undermine the integrity and trustworthiness of research.  

Education research in particular requires consideration for AI use because it often involves minors, 
sensitive student records, classroom artifacts, educator practice data, and findings that may influence 
instruction, services, assessment, or policy. As a result, AI-supported research must attend not only to 
technical performance, but also to how students, educators, families, and communities are represented, 
protected, and affected by the conclusions drawn from the research.  

As such, the education research community has a collective responsibility to proactively adapt to the use 
of AI while maintaining the integrity of the field. To advance this work, we convened a group of 
education researchers, industry experts, and funders to develop an initial set of core principles to guide 
the responsible use of AI in education research. We then released a draft version of the principles and 
elicited feedback from the education research community. This revised brief presents the outcomes of 
that collaborative effort and presents the principles with the understanding that: 

• The evolution of these principles is guaranteed and accepted. The development of the principles 
was an initial step. Even experts in AI cannot fully predict the pace, form, or impact of its evolution. 
As a result, these principles must be revisited regularly to ensure that they remain aligned with 
advances in AI and their implications, which cannot yet be fully anticipated. 
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• These principles position AI as a tool or assistant, with humans retaining leadership and 
accountability for education research. Although some envision a future in which AI replaces human 
work, these principles affirm that research intended to serve people must remain under human 
direction. This approach is explicitly human-centric and emphasizes thoughtful, moderated use of AI 
as researchers continue to learn about its capabilities, limitations, and appropriate applications in 
education research. 

• The AI principles are guideposts. The proposed principles offer a foundation for organizing and 
guiding discussions and decision making about whether and how to use AI in education research. 
They provide a shared framework that the education research community can use to surface, 
interpret, and discuss emerging developments related to AI use. Although these principles provide 
an initial foundation for guiding AI use in education research, they remain intentionally broad. 
Future work is needed to translate them into practical guidance, field-tested examples, and 
implementation standards that can support researchers in applying them consistently across 
varied contexts. 

• Education research community consensus on the responsible use of AI is essential. As education 
researchers, we share a commitment to conducting ethical, responsible research that protects 
participants and offers clear potential benefits to those it serves. These AI principles are grounded 
in, and extend from, those established norms. They are intended to complement, not replace, 
established human subjects protections and Institutional Review Board (IRB) review processes.  

We view this work as iterative and expect that it will be strengthened by the inclusion of additional 
perspectives and responsive to ongoing advances in AI. We invite others to participate as members of 
the field of education research. You can support these efforts by sharing these principles broadly, 
engaging in public discourse, offering feedback, and joining the effort to refine these principles 
over time. 

AI Principles for Education Research  
Accepted guidance on the responsible use of AI is essential to support education researchers in making 
sound decisions about whether and how to use AI in their work. In developing and proposing the AI 
Principles for Education Research, our aim is to balance broad concepts with practical application, while 
the principles serve as a bridge between high-level vision and day-to-day practice. In doing so, the 
principles are designed to promote consistency, credibility, and consensus in the use of AI across 
education research. 

We developed an initial set of three core principles for the responsible use of AI in education research 
(see Exhibit 1): Principle 1: Center human expertise; Principle 2: Confirm model appropriateness; 
and Principle 3: Operationalize transparency. 
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Exhibit 1. Overview of the AI Principles for Education Research 

Principle 1. Center Human Expertise 
The effective use of AI in education research depends on keeping human expertise 
at the core through intentional design, ongoing human oversight, and rigorous 
human verification. Together, these dimensions will ensure that AI functions as a 
supportive tool guided by humans who apply professional judgment, ethical 
standards, and relevant domain knowledge.  

Principle 2. Confirm Model Appropriateness 
Model specification, accuracy, and stability are fundamental to responsible and 
effective AI use in education research. Together, these dimensions will ensure that 
models are well aligned to educational contexts, evaluated for accuracy and 
reliability, and able to produce consistent findings across data sets and settings, 
which, in turn, will support credible, trustworthy, and actionable research. 

Principle 3. Operationalize Transparency 
Transparency is essential to ethical and rigorous AI-supported education research. 
Researchers should ensure participant protections, clearly disclose how AI tools are 
used and where human judgment applies, and appropriately attribute contributions 
from models, developers, and participants. Together, these dimensions support 
trust, accountability, and responsible reporting on AI in education research. 

In the sections that follow, we examine each of the three principles in turn, illustrating their application 
across key activities of the education research process (see Exhibit 2). 

Exhibit 2. Key Activities in the Education Research Process 

Principle 1. Center Human Expertise 
Intentional Design | Human Oversight | Human Verification 

The effective use of AI in education research begins with human reasoning, decision 
making, and values. Amid all the automations and opportunities made possible by AI, human expertise 
remains paramount to realizing the potential of AI to extend traditional methods and advance 
improvements in education and education research. There are three core dimensions to centering 
human expertise: intentional design, human oversight, and human verification.  
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Intentional Design. Responsible use of AI in education research begins with intentional decisions about 
whether, where, how, and to what extent AI should be used. This includes determining whether AI is 
appropriate for a given task, establishing guardrails and limitations, clarifying human roles and 
responsibilities, and considering potential risks and mitigation strategies. Keeping humans “in the loop” 
starts with the deliberate design of AI-supported processes, including defining what decisions AI may 
inform, what decisions remain under human authority, and how oversight and accountability will be 
maintained throughout the research process. 

Although a growing number of AI-enabled methods and tools are available, relatively few are guided by 
established norms for education research or informed by educational expertise. Education researchers 
are therefore uniquely positioned to shape responsible uses of AI by applying domain knowledge to 
define appropriate use cases, establish safeguards, and integrate AI into research workflows in ways 
that align with existing methodological, ethical, and professional standards. Researchers should also 
engage educators, students, families, and communities as co-designers, when appropriate, to 
incorporate their perspectives into decisions about how and where AI may be used. This participatory 
approach helps to ensure that AI-supported research remains relevant, transparent, and beneficial to its 
intended audiences and the constituencies it is intended to serve.  

The use of AI in education research requires deliberate human leadership and accountability. Intentional 
design should also explicitly address responsible non-use. In some research contexts, such as 
exploratory theory building or highly sensitive participant narratives, AI-assisted methods may be 
inappropriate, introduce unacceptable risks, or provide limited value. Responsible use of AI therefore 
includes thoughtful decisions about when not to use AI.  

Human Oversight. Human expertise remains essential throughout the entire research life cycle, not only 
during early conceptualization and design but also throughout analysis, interpretation, and the 
communication of findings. As AI systems become more capable and efficient, their value in education 
research will depend on sustained human judgment to guide appropriate use, assess outputs, and 
ensure alignment with research goals and ethical standards. Ongoing human oversight enables 
researchers to monitor processes, maintain and adjust guardrails, identify errors or unintended 
consequences, and course-correct when needed. This active supervision throughout the research 
process, including the ability to intervene when needed, helps to ensure that AI models function as a 
supportive tool rather than a substitute for professional expertise, while preserving rigor, contextual 
understanding, and responsibility in education research. 

Human Verification. Human verification, validation, and confirmation are also essential safeguards 
when using AI for education research. This includes systematically reviewing AI-generated outputs to 
ensure that they are accurate, appropriate, and aligned with the original intent of the research. Rigorous 
quality control and quality assurance processes remain necessary because current AI models, including 
large language models, cannot reliably distinguish between true and false information or consistently 
differentiate facts from opinions. These systems are designed to generate responses and may “fill in the 
gaps” when information is incomplete or uncertain, and at times may produce plausible but incorrect or 
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fictitious results. As AI is increasingly used to improve efficiency or automate components of the 
research process, the importance of human judgment will only continue to grow.  

Researchers should also guard against automation bias, or the tendency to over-trust AI-generated 
outputs because they appear fluent, confident, or systematic. Human verification should therefore go 
beyond assessing technical accuracy to determine whether outputs are meaningful, contextually 
appropriate, and supported by the evidence. As more responsibility is delegated to AI tools, the need for 
robust human oversight and verification becomes increasingly important. Researchers must remain 
actively engaged in evaluating outputs, analyses, and findings to ensure that AI-supported results are 
valid, reliable, and ultimately trustworthy.  

Across all three dimensions of this principle, humans retain ultimate responsibility and accountability for 
decisions, interpretations, and conclusions. Neither humans nor AI can fully understand complex 
educational phenomena on their own; it is the combination of human judgment and AI capabilities that 
creates the potential for greater advances. In practice, this means extending well-established research 
procedures, such as methodological review, validation, and interpretation, into AI-enabled contexts 
rather than treating AI as a fundamentally separate paradigm. When thoughtfully integrated, AI can help 
researchers access information that has historically been difficult to capture or analyze systematically, 
supporting deeper, more nuanced understanding on the part of the researchers. Ultimately, trust in AI-
enabled research depends on approaches that are developed with appropriate expertise and on 
researchers’ continued responsibility to assess outputs, uphold quality, and ensure that the research 
produced is both contextually valid and meaningful. 

From research conceptualization and design through reporting and dissemination, researchers must 
clearly articulate the processes to ensure that humans remain responsible as AI is leveraged in both 
planned and emergent ways. Exhibit 3 provides short examples of ways to do this. 

Exhibit 3. Examples of Principle 1. Center Human Expertise in Practice 

 

Develop a “human-in-the-loop” plan that names roles (e.g., principal investigator, subject 
matter experts, community advisors), the decision points that require human judgment, 
escalation paths for pausing or overriding AI use, the process to manage any new AI uses 
that arise during the study, and accountability structures. 
Identify potential risks and associated mitigation strategies explicitly prior to the launch 
of the research. Outlining the potential methodological risks and corresponding mitigation 
strategies can help reduce unintended consequences, improve research quality, and 
proactively address issues that may surface during the research process. This may be 
particularly important when the research involves students and/or sensitive data.  
Run co-design sprints with practitioners to refine research questions, define intended AI 
uses, and surface contextual constraints. Document how teacher, student, and family input 
directly shape the study design.  
Prespecify human verification protocols (e.g., double-coding samples, expert review, 
acceptance criteria) so that any AI-assisted outputs meet documented quality thresholds 
before their inclusion in the research workflow.  
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Engage teachers, students, and relevant community members in co-designing or refining 
measures, ensuring they validate what is being collected, how it will be collected, and why. 
Confirm representativeness of data sources and samples by involving subject matter 
experts who can assess whether the artifacts, populations, and contexts used for AI-
assisted measurement are appropriately generalizable and contextually relevant.  
Use human reviewers to verify AI-generated or AI-coded outputs, such as constructs or 
classifications, ensuring accuracy and appropriateness before integrating results into the 
research data set.  
Create human-driven quality assurance checkpoints that require researchers to audit AI-
enabled data collection tools (e.g., automated transcription, scoring) for errors, unintended 
outputs, and misalignments with the intended construct.  

Use human experts to verify AI-assisted analyses, such as AI-generated qualitative codes, 
themes, or classifications, ensuring that outputs are accurate, appropriate, and aligned 
with the original analytic intent.  
Conduct human-led validity and robustness checks, for instance, by reviewing AI-
produced summaries, patterns, statistical relationships, or scoring systems to identify 
potential errors, detect unintended consequences, and ensure alignment with 
research goals.  
Maintain human oversight and accountability in interpreting AI-generated insights, 
ensuring that contextual understanding and domain expertise guide conclusions rather 
than relying on AI-produced outputs at face value.  

Require human verification of all AI-generated summaries, visualizations, and 
translations to ensure they accurately represent findings, reflect appropriate nuance, and 
avoid misinterpretation before dissemination. Verify that AI has not introduced fabricated 
citations or misstated findings, or omitted essential limitations. 
Use human reviewers, such as practitioners or intended end users, to assess the clarity, 
relevance, and usability of AI-assisted products (e.g., condensed briefs, podcasts, or 
practice-focused summaries), ensuring that outputs meet the needs of real audiences.  
Establish human-led review protocols for sensitive or prepublication content and avoid 
the use of non-secure AI tools for drafts or findings that must remain confidential.  

Principle 2. Confirm Model Appropriateness 
Model Specification | Accuracy | Stability 

Selecting and using appropriate AI models is critical in education research because models 
are increasingly being used to analyze learning outcomes, generate predictive forecasts, identify trends 
across qualitative data and artifacts, and inform policy decisions. Model appropriateness ensures that 
researchers use models consistently and reliably across different types of data sources, student and 
adult populations, and educational contexts. Key dimensions of appropriateness include sound model 
specification, accuracy, and stability across settings and data sets.  

Model Specification. In education research, appropriate specification requires ensuring that AI models 
align closely with the educational context and with the research questions they are intended to address. 
Although AI tools are often used as general purpose supports across the research life cycle, no single 
model is well suited for all tasks. Moreover, efforts to fine-tune or retrain models may introduce 
unintended and difficult-to-detect failures. Clearly checking and knowing a model’s scope, assumptions, 
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limitations, and intended use is therefore essential to ensuring that AI-generated outputs are valid, 
interpretable, and actionable. It is equally important to understand what is not known about a model 
and to consider how those uncertainties may constrain the interpretation, validity, and use of 
research findings. 

Additionally, the use of benchmarks (e.g., robustness techniques, inter-rater reliability) and evaluation 
frameworks is essential for assessing the appropriateness of AI models because these methods provide 
standardized criteria for evaluating accuracy, robustness, and generalizability. These methods also 
enable researchers to systematically identify the strengths and limitations of AI models across varied 
tasks and data sets, and to evaluate whether models behave as intended and reliably in practice. 
Benchmarks also support meaningful comparisons across models, promoting transparency, rigor, and 
accountability when using AI for research. 

Accuracy. Limitations in AI models can undermine the generalizability and validity of research findings 
when models systematically reflect incomplete or unrepresentative data. To ensure that results are 
accurate and broadly applicable, these limitations must be proactively identified and addressed 
throughout model use. For example, a large language model used to evaluate student potential may 
generate systematically different recommendations for students from under-resourced communities if 
the model reflects patterns and assumptions that are disproportionately derived from more affluent 
educational contexts. For example, a large language model used to evaluate student potential may 
generate systematically different recommendations for students from under-resourced communities if 
the model reflects patterns and assumptions that are disproportionately derived from more affluent 
educational contexts. Similarly, accuracy challenges can arise in large language models used for 
automated essay scoring, where differences in dialect or writing style may lead to systematic 
misclassification of student performance. Accuracy should be assessed overall, as well as also across 
relevant subgroups and contexts. A model may perform adequately on average while producing 
systematically different error rates or interpretations for multilingual learners, students with disabilities, 
neurodiverse learners, students from under-resourced communities, or groups whose language, culture, 
or experiences are underrepresented in training data. Researchers should examine subgroup 
performance where feasible and consider whether AI-assisted coding, classification, and theme 
generation risks oversimplifying or mischaracterizing participants’ lived experiences. Addressing these 
risks requires researchers to validate AI-assisted processes across relevant populations and contexts, 
monitor performance over time, and take corrective action when systematic differences in 
results emerge. 

Stability. The stability of findings in education research is critical for demonstrating that AI-driven 
findings are not artifacts of particular data sets, assumptions, prompts, or modeling choices. For 
instance, a model used to identify effective teaching strategies should yield substantially consistent 
findings when applied across different schools, districts, and educational contexts. Assessing stability 
may involve replication efforts, such as rerunning analyses with independent or publicly available data 
sets (e.g., from the National Center for Education Statistics [NCES] or the Programme for International 
Student Assessment [PISA]) to determine whether findings remain consistent across settings and 
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conditions. Transparent documentation, shared code, and the use of open-science practices further 
support confidence in the stability and credibility of the use of AI within education research.  

For generative AI systems, which are inherently non-deterministic, stability does not require identical 
outputs across runs. Instead, researchers should document sufficient information for others to assess 
whether procedures are reproducible and whether the resulting findings are substantively consistent. 
This includes recording the model’s name and version, date of use, prompts or instructions, relevant 
parameters, input data characteristics, evaluation procedures, and any human review or 
corrective steps.  

Stability is related to, but distinct from, human verification (Principle 1. Center Human Expertise). 
Human verification focuses on the review and validation of AI-supported outputs within a specific study 
activity. Stability focuses on whether an AI-supported process is sufficiently documented, reproducible, 
and robust to support consistent findings across repeated analyses, alternative data sets, models, or 
educational contexts. 

Taken together, these dimensions of model appropriateness are further reinforced through rigorous 
vetting, validation, and quality assurance reviews of both the models and the technology used to 
develop and deploy them. There is a clear opportunity for the research community to collaboratively 
develop and strengthen benchmarks and evaluation frameworks across specific areas of study and the 
field as a whole. In addition, there will likely be a need for ongoing adjustment to these tools as the 
field’s use of AI expands. Exhibit 4 provides examples of this principle across the key research activities. 

Exhibit 4. Examples of Principle 2. Confirm Model Appropriateness in Practice 

 

Assess whether the AI model aligns with the research questions and educational context 
and ensure that the model’s assumptions, training data, and intended use match the 
population, setting, and constructs under study.  
Identify potential risks to accuracy early by examining whether the model was trained on 
data that overrepresent or underrepresent certain student groups or contexts.  
Review existing benchmarks or establish new evaluation frameworks to understand how 
the selected model performs on tasks in a similar manner to how humans would perform.  
Define a plan for replicability from the outset, documenting how model specifications, 
prompts, parameters, and evaluation steps will be captured to support reproducibility 
across settings or with new data sets.  

 

Assess and validate the performance of AI-enabled measurement tools within the 
intended study context to ensure outputs are accurate and reliable, and monitor 
performance for potential inaccuracies. 
Require performance and validity checks for AI-enabled measurement tools, such as 
automated scoring or transcription, to verify that these tools function as intended.  
Prespecify quality assurance and robustness criteria for AI-generated measurement 
outputs, including error rate thresholds, human comparison checks, and follow-up review 
if the model behaves inconsistently across data sets or settings.  
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Rerun AI-assisted analyses using independent or publicly available data sets (e.g., from 
NCES or PISA) to test whether findings hold up across contexts and whether findings are 
not artifacts of a particular data set or modeling choice.  
Track AI-generated findings with transparent documentation, including model 
specifications, prompts, parameter settings, and evaluation procedures, to enable 
verification by peers and future researchers.  
Cross-validate AI-generated insights with alternative analytical approaches (e.g., human 
coding, statistical checks, or model comparisons) to ensure that results are not driven by 
idiosyncrasies in a single AI model.  
Conduct subgroup performance checks to examine whether AI-assisted processes perform 
differently across relevant populations and contexts. Examine how individuals or 
communities are represented in AI-generated research findings. 

 

Report on how model performance was validated (e.g., accuracy, reliability, robustness 
checks) and whether those results varied across subgroups or contexts, ensuring that other 
researchers and beneficiaries can assess the credibility of AI-supported conclusions.  
Clarify the accessibility of the models and data sets used, including whether they are 
open, restricted, or proprietary, because this affects the ability of others to verify, 
replicate, or extend the findings. 
Share supplementary materials when possible, such as model descriptions, code, 
evaluation rubrics, or anonymized data sets, to enable peer review, replication, and 
responsible reuse of AI-enabled research outputs.  

Principle 3. Operationalize Transparency 
Participant Protections | Disclose AI Use in Reporting | Attribute Others’ Contributions 

Emerging technologies pose new challenges to research reporting and dissemination 
compared with traditional tools. The complexity and opacity of many AI systems can obscure how 
decisions are made, how data are interpreted, and how conclusions are reached. As AI becomes 
increasingly integrated into education research, transparency will remain essential for upholding ethical 
standards, methodological rigor, and public trust. In education, where research findings directly shape 
teaching practice, student experiences, and policy decisions, researchers must commit to existing 
transparency norms and operationalize them in new technological contexts throughout the research 
process. Important dimensions of transparency that education researchers should consider when using 
AI in their work include ensuring participant protections, disclosing AI use in reporting, and 
appropriately attributing the contributions of others. 

Participant Protections. Protecting participants is a critical dimension of operationalizing transparency, 
with direct implications for consent, privacy, and future data use. Transparency requires clearly 
informing students, families, educators, and administrators of when and how AI is used in research 
processes, particularly when findings may influence instruction, assessment, or support services. 
Informed consent should explicitly address the role of AI in data collection, analysis, and decision 
making; the models or tools used; whether data will be analyzed in secure environments; and whether 
participant data may be reused or contribute to training AI models beyond the scope of the study 
at hand.  
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Privacy protections are essential throughout the life cycle of participant-generated data. Consent and 
governance plans should address who owns or controls AI-generated outputs, how long data and 
outputs will be retained, whether data may be reused in future studies or to train and improve AI 
systems, and what limits apply to secondary data use. These considerations become especially 
important when researchers use non-enterprise versions of AI tools that may store, process, or learn 
from participant data outside the direct control of the research team. Researchers should also 
communicate that data may be used in unforeseen ways over time and that de-identified data carries a 
risk of re-identification as technologies evolve. By addressing these issues through transparent 
disclosures, IRB review, and robust privacy safeguards, researchers can build trust and ensure that AI-
enabled research respects the rights and expectations of those it seeks to serve.  

Disclose AI Use in Reporting. Transparency in AI-enabled education research requires clear disclosure of 
what model and/or tool was used, how it was used, and where researcher judgment shaped the 
process. Researchers should disclose AI use and findings in plain language, beginning with informed 
consent and extending through the dissemination of results to educators, school leaders, policymakers, 
students, and families. At a minimum, researchers should disclose the type of AI model and/or tool 
employed; its intended purpose, key assumptions, and the prompts or instructions used; the known 
characteristics of the training data; and any modifications made to the base model. To address the 
opacity of many AI tools, researchers should adopt explicit strategies for “showing their work,” with 
fuller documentation, such as detailed model descriptions, code, and sensitivity analyses, made 
available upon request. These practices are essential for enabling rigorous peer review and 
accountability in a context where AI tools are dynamic rather than static. 

At the same time, researchers must clarify whether AI tools and data sets are publicly available or 
privately held, as this distinction has implications for replicability. Open-source tools and data facilitate 
replication and peer validation, while proprietary systems require careful disclosure of functionality, 
validation, and limitations. Given that AI systems evolve over time, the field may also need shared 
routines and protocols that redefine acceptable standards for replication, including agreement on 
parameter ranges. Responsible dissemination demands clear documentation of how AI was used, 
including model descriptions, characteristics of input data, and validation procedures, alongside 
established routines for reporting in publications and responding to requests for deeper review. 
Establishing these norms is important for sustaining rigor, transparency, and credibility. 

Transparency also requires researchers to acknowledge the limits of AI. Even when researchers fully 
disclose a model’s purpose, prompts, parameters, and validation procedures, they may not be able to 
explain precisely why a model produced a particular output. In such cases, researchers should clearly 
communicate what is known about the model, what remains unknown, and how these limitations affect 
the strength, interpretation, and appropriate use of the findings. When information about model 
development, training data, or system behavior is limited, researchers should carefully consider whether 
the tool is appropriate for the intended purpose and explicitly document any resulting constraints on 
confidence, verification, or replication.  
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Attribute Others’ Contributions. The third dimension of transparency is attribution. Researchers should 
clearly credit the AI models used, their developers, and the human contributors who shaped model 
development, training, validation, and interpretation. They should also acknowledge that models may 
be trained on participant-generated data. As with the disclosure of AI use in reporting, responsible 
dissemination should include attribution to the contributions of others. Together, these practices clarify 
who contributed what to the research process and how AI influenced design, analysis, and findings, 
without compromising participant privacy. When educators, students, or community members 
contribute their expertise or lived experience to shaping research questions, tools, or AI-enabled 
interventions, their intellectual contributions should be explicitly recognized in ways that are consistent 
with consent agreements. Researchers should also consider publication, authorship, and copyright 
implications when AI tools contribute to the drafting, analysis, or dissemination of products. Because 
legal requirements and publisher policies vary, researchers should verify applicable requirements and 
disclose AI contributions as required to comply with journal, funder, institutional, and 
legal requirements. 

As AI tools grow more complex, ensuring transparency in education research requires participant 
protections, clear disclosures, and appropriate attributions to uphold trust and rigor. Exhibit 5 provides 
examples of this principle across the key research activities. 

Exhibit 5. Examples of Principle 3. Operationalize Transparency in Practice 

 

Clearly communicate during study design how AI will be used, including the types of tools 
to be used, their intended purposes, and decision points, so that participants, partners, 
and reviewers understand the role of AI from the outset.  
Integrate explicit transparency into IRB materials and consent plans, specifying whether 
AI tools will support data collection, coding, or preliminary synthesis and what data (if any) 
may flow through external systems.  
Establish routines for “showing your work" early in the design phase, such as drafting 
model descriptions, prompt templates, and anticipated validation steps, ensuring that 
transparency is built into downstream reporting.  

 

Provide clear, plain language explanations to participants, including students, families, 
and educators, about how AI will be used in data collection, what types of data will be 
captured, and how those data may be processed or reused.  
Include transparent disclosures in consent materials specifying whether data will flow 
through external systems, whether models are enterprise/non-enterprise and open/closed 
to the research team, and any risks of future reuse or re-identification as 
technologies evolve.  
Make privacy protections explicit by explaining what safeguards are in place, how data will 
be stored, what oversight bodies (e.g., IRBs) have reviewed the approach, and how 
participants can ask questions or opt out when appropriate.  
Clarify attribution for data-generating processes, acknowledging when AI tools, 
developers, or participants contribute to data creation or labeling, and noting any 
constraints on transparency for proprietary systems.  
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Provide clear descriptions of data flows and model behavior, including whether analyses 
used open-source, proprietary, or otherwise restricted-access systems; what training data 
characteristics might influence outputs; and how results were validated. 
Disclose how AI contributed to analytical decisions, including which models were used, 
what prompts or parameters shaped outputs, and how AI supported human judgment in 
interpreting results. 
Maintain transparent records of verification steps, such as human review of AI-generated 
codes, cross-checks against alternative methods, or sensitivity analyses that reveal how 
interpretations change under different conditions. 
Clarify attribution for analytical contributions, identifying where AI models, developers, or 
human reviewers influenced interpretations and ensuring that credit is appropriately 
distributed without overstating model capabilities. 

 

Clearly disclose how AI tools contributed to reporting, including which models supported 
summarization, visualization, or drafting; what inputs the models received; and where 
human judgment shaped or corrected the outputs.  
Explicitly acknowledge all contributors, including AI tools, developers, human reviewers, 
and community collaborators, so that responsibility, intellectual contributions, and tool 
lineage are clear to audiences.  
Explain any constraints on transparency, noting when proprietary models or sensitive 
participant data limit what can be shared and how those limitations were reviewed and 
addressed. 

Moving Forward With Intention 
In this brief, we propose an initial set of three core principles for using AI in education research. 
Centering human expertise, confirming model appropriateness, and operationalizing transparency are 
central to the responsible and ethical use of AI in education research. Although we were thorough in our 
development approach, we recognize that this is just the beginning of gaining consensus around a 
shared set of principles and engaging in AI-enabled research responsibly.  

Realizing the potential of these principles requires the field to actively examine how the principles 
take shape across the full education research ecosystem. We encourage researchers, funders, 
institutional leaders, IRBs, journal editors, professional associations, and practitioners to investigate 
where and how these principles influence their routines, standards, and decision making. This includes 
rethinking proposal reviews, data governance practices, consent procedures, methodological norms, 
replication expectations, peer-review processes, and the design of tools, trainings, and policies that 
guide daily work. By scrutinizing the touchpoints where AI intersects with research, from 
conceptualization to dissemination, we can surface gaps, adapt existing infrastructures, and build new 
processes where needed. We offer these principles not as a static framework, but as a shared basis from 
which the field can engage, refine, test, challenge, and ultimately embed the principles in ways that 
strengthen the rigor, ethics, and impact of education research. 

Training and professional learning are essential for helping these principles take hold. As AI-driven 
tools become increasingly prevalent in education research, there is a pressing need for robust training 
and professional learning to help researchers harness their potential while adhering to safe and 
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responsible practices. Navigating the nuances of AI in education research is not merely a technical task; 
it is a foundational component of responsible innovation for both current researchers and those 
preparing to enter the field. Building this capacity is essential for ensuring that the potential of AI is 
realized in ways that protect participants and ultimately benefit all learners, now and into the future.  

The safe and ethical use of AI in education research depends on a clear understanding of the 
technology’s capabilities, limitations, and broader societal implications. Robust training and professional 
learning are therefore foundational for the following reasons: 

• Demystifying AI. Many researchers encounter AI as a “black box,” with limited visibility into how 
models function or how outputs are generated. Training helps break down these barriers, enabling 
individuals to critically engage with AI tools, understand underlying assumptions, and make 
informed decisions about the use of AI. 

• Understanding the potential to improve practice and outcomes. AI holds significant promise to 
advance education research by enabling new methods of inquiry and expanding what can be 
considered “data.” AI-enabled analytical approaches allow researchers to process and analyze large 
volumes of previously underutilized information, supporting deeper investigation and, in some 
cases, new research questions. 

• Recognizing and mitigating risks related to accuracy, privacy, and safety. AI systems can produce 
inaccurate results when trained on low-quality or unrepresentative data. Well-designed professional 
learning builds researchers’ capacity to identify these risks and to apply strategies to improve model 
accuracy and validity across contexts and populations. Given that education research often involves 
sensitive student information, training should also address ethical data stewardship, compliance 
with privacy regulations (such as the Family Educational Rights and Privacy Act [FERPA]), and best 
practices for secure data management to ensure the responsible and trustworthy use of AI. 

• Promoting transparency, accountability, and ethical decision making. Training is critical for 
reinforcing the importance of transparency in AI-enabled research processes, including documenting 
methods and clearly communicating AI-driven findings to multiple audiences. Professional learning 
also supports ethical reflection on issues such as consent and the appropriate role of automation in 
education research and practice. 

Well-designed principles are valuable, but without alignment with organizational policies, research 
practices, and tools, they risk remaining symbolic. Yet implementing effective training and professional 
learning is not without challenges. Common barriers include limited infrastructure and technical 
expertise, resource constraints, varying levels of baseline knowledge, and resistance to change. The 
rapid pace of AI innovation further complicates efforts to keep training current with emerging technical 
and safety considerations. Addressing these challenges will require sustained commitment and 
investment in professional learning across both the public and private sectors. 

As a field, we share a collective responsibility to steward the use of AI in ways that strengthen, rather 
than compromise, the integrity of education research. This responsibility extends beyond individual 
researchers to the norms we establish, the expectations we set, and the infrastructure we build 
together to support ethical, high-quality work. Future work should translate these principles into 
practical resources, including, for example:  
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• Standardized IRB templates and consent language 

• Model and tool vetting rubrics to support selection, evaluation, and ongoing review  

• Templates for AI methods reporting and disclosure statements  

• Prompt, workflow, and decision audit logs for documenting AI use 

• Risk and mitigation inventories for common AI-supported research activities (e.g., qualitative 
coding, transcription, summarization, and classification)  

• Self-assessment tools and implementation checklists spanning research design, data collection, 
data analysis, reporting, and dissemination  

• Examples, case studies, and field-tested applications demonstrating the principles in practice  

• Training resources and professional learning materials to build AI literacy and competency with 
responsible use 

These resources, among others, would help researchers document decisions, evaluate trade-offs, and 
apply the principles consistently and reliably. AI is a powerful tool that offers opportunities to transform 
how we understand teaching and learning, particularly by helping us make sense of the vast and often 
underutilized information generated through students’ daily educational experiences. When used 
responsibly, AI-enabled methods can help synthesize data from classroom activities, student work, and 
interactions into usable evidence and provide insights into learning and development that are deeper, 
timelier, and more cost-efficient. Realizing this potential, however, depends on collective action to align 
technical innovation with shared principles, safeguards, and professional judgment. By working together 
to advance AI use that is grounded in integrity, transparency, and care for those we serve, we can 
further improve the relevance and validity of education research and build more nuanced understanding 
that ultimately can better support all students. 
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